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An Artificial Fish Swarm Algorithm Based on Variable Visual Field and Step Length

BAO Haixing, ZENG Zhigao, ZHU Yanhui, WEN Zhiqgiang, DU Kun, REN Song
( College of Computer Science, Hunan University of Technology, Zhuzhou Hunan 412007, China )

Abstract: In view of such flaws as low accuracy, slow convergence rate and oscillation in the later stage which
are commonly found in the traditional artificial fish swarm algorithm, a proposal has thus been made of an artificial
fish swarm algorithm with adaptive visual field and step length. Taking the distance between the two artificial fish
as the visual field, the proposed algorithm multiplies the obtained results by a coefficient as the step length. With the
continuous accumulation of fish, the corresponding reduction in visual field and step length is conducive to locating the
optimum point. The experimental results show that the improved algorithm is characterized with advantages of better
convergence rate and higher accuracy.
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Fig. 1 Flow chart of the improved artificial fish
swarm algorithm
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Table 1 Comparison of the results of the two algorithms
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