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Object-Oriented Classification of Remote Sensing Image

Based on Watershed Transform

Zhu Wengqiu » Dengliu Zhaolu, Hu Yongxiang, Li Jianfei

('School of Computer and Communication. Hunan University of Technology. Zhuzhou Hunan 412007, China )

Abstract: In order to improve the automation of object-oriented classification > combines the watershed transform
and ISODATA clustering to implement a quick and efficient object-oriented classification of remote sensing image. Firstly,
uses the improved watershed transform to achieve better segmentation of high resolution imagery; then uses the ISODATA
clustering to classify the object segmentation. The experimental results show that this new method obtains better classifi-
cation effect and fast classification, and greatly enhances the automation of remote image classification.
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Fig. 2 The flow chart of object-oriented classification
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