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Comparison Research on Decision Tree and Distinction Analysis in Classified Questions

Xiao Juan, Tang Shaoling

('School of Mathematics and Computer Science> Hunan Normal Universitys Changsha 410081, China )

Abstract: There are two common methods of distinction analysis in the statistics and decision tree method in the data

mining for comparison research. It can obtain some good and bad points of these two methods separately according to aspects

such as forecasting accuracy rate, the speed, robustness, understanding easily and so on with the concrete instance data.

Key words: distinction analysis; decision tree; forecast; robustness

0 5§

FEA™ | BHIFRI H AR 16 A 22 S AR UL 2]
BV TR, XEETRRTE AN R AT BN, T2
Treer, IR AR R . AT E . AR
THPOKF 25 Z PR E — N E R 2 T Kk R
g 2R AETi T rh, MR DAE R A AT 0 A
fabn, PRI N RSO E . — B 7R
DR, AR A R AR (Y 22 R ) L )
AR, FRAE ST H 08 22 Tl 3 A S i b b A
s G, AR ERATSE; FE BT A, MRS
Frp S LR R, FIRRSREENmZ . K2, T
JZEMKIRG)ZS . B2, (PRI Bl 5 25
(IR LF- 2 4k w] L

1 FlASHrEE
U532 0 50 R 2 By — R 57

WKmBE : 2008-01-18
EZ R -

HR#R ) Ay LIFI L) 3 B AR 5L o 4050 70 B 188 R
FEROL N — D R, I I e R T

) 590 R K — OB AN

Y=gx +ax,—+ax,
Horb, YRR RR, ARSI IR AR, AT RESE:
BE%, WATAERAFRIEAM; x,, x, %R
QUHERAE I o, o, SNEERIORE, WK
BB AT NIRRT — DN REEAS, B
T ZRREAS LI B ISE PR 289 LA 45 B A 000 it
ELMAFRIREAS, ERHG s B AR 2, R
Hh ] B — I O, A S K ] R B F SRR
REEA

H o3 B B30 5 T Loy g S RS
s, tnl IARYE ORI BT 23 R i T TR 51 23
MrAnE S GORH I AT . 8 FHE R BIE AN« fR A
SRk BERSHIANE | Fisher FIREFIDIM-Hr ( Bayes ) #1
ZiLIpES

Mo (1982-), &, TLIUHARAN, WA, FEOTI5 st

JEREF (1963-), 2, WIRIERFHA, WIRIUIVE RS2, F 2T 10 o Rt



28 ;I R D | A =S = - 2008 4F
2 REWERREZ 3) AR N R —ANSE IR 2

FriE PSR i — D ST FE R R B 2 ), HL
HRRT RS R A S AR — N E e (HYE ) 9k,
HA AT M A2 2 5 TR B B -5 a5k
RF—AH], W25 SRR S . A TX
ARFNEIERT R AT /200, AT AR T SR ) () 4544
XFEHERAE rh A SR AR Tk, DR SRR A AR 4 55 3
I35 o 1 — 25 B AR R T B T X A IO X6 42 194 28 531 ¥l
PR T IR 25 5 e 4 R 0 SN]SR AR B
HAE PO, Yk R, A2l
Pt rh s sl R B T AR 3. RTRUIE BT
TRIFFHEBRIX S 3, DATE B R A R 40251
TR

T TH 4 A 2] R i PSR AR B — A SEA A g B,
ERFEARRMEL D3 —1HEARA, KA L
MR A3z B3 V- o & — R R .

RFFLEL3 ( Generate decision tree ) :

/) ARG 25 B AL 7 — N USRR

A YGREA, F Bt HOEIE, "It
N JE YRS attribute list

frh . YRR

A PR

1) Bl N 5

2) ARG BT AR 25 L, W

/) FFURRREE O T AT B AR

4) 4 attribute list N5, il

5) &I NVE R — A4 GOFARIC IS ST AR
AP R B 2 2R 5 5

6 ) M attribute _list HERE— 5 B3 25 A K & 1k
attribute list;

7) IS S N IE s attribute list;

8) XT artribute list HEVE— AL ¢, HER
3455 N I S R

9) M attribute_list=a, SfF, NG N AR
B —533, DARZR I 41

10) ﬁSl. AN attribute list=a, SAF AT IREALE A

11) 478, NS, WEREAHRLH5 s bR ic iz 4l s i
EREA PRI B 2 1Y 2801 5

12 )75 VPR AH I 25 s5AR 5 Generate decision tree
( S, attribute_list—test attribute ) 1R [FI{H .

=015

AR A 2 Bl R R — A B AT 5 532
B, BRI T — BT TR P IS s Ly
T3 S s PR i —ER 4y, B Credit rating JElH
MndEtE, 1 o3FRm Bad 2, 1R Good 25 H:
AR T3 AR . WA L BN P BAE R A
AR . B AT Discrimnant 12
) XTIk H B A B A5 R R 1 .

3

x®1 EHARNSMER
Tab.1 The result of stepwise discrimination
Wilks' Lambda
Step Entered
Statisic  dfl  df2  df3 Exact F
Statistic  dfl df2 Sig.
1 Income level 0.734 1 1 2 462 894.339 1 2 462 0.000
2 Number of credit cards  0.633 2 1 2462 712.379 2 2 462 0.000
3 Age 0.569 3 1 2 462 622.130 3 2462 0.000
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Tab.2 Standardized coefficients of canonical

discriminated function from SPSS15.0

Independent Variables

([ A Function 1
Age 0.487
Income level 0.708
Number of credit cards -0.558
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Tab.4 Accuracy condition table for
mME discriminant prediction result
Predicted Group
Credit rating Membership Total
L = - f ] 2 Bad  Good
RRRRIIET Bad 828 192 1020
B 1 3K Bad ZERIARAE B & E Oriainal Count  cood 208 1146 1444
rigina
Fig.1 Stardardized canonical discriminant function of Py Bad 81.2 18.8 100.0
0
corresponding Bad class Good 20.6 79.4 100.0
. Bad 828 192 1020
2dif
, Count  cood 208 1146 1444
Cross-validated
o Bad 81.2 18.8 100.0
% Good 20.6 79.4  100.0
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Tab.3 Standardized coefficients of Fisher canonical
discriminated function

Independent Variables Credit rating

(AR ) Bad Good
Age 0.455 0.561
Income level 4.103 6.108
Number of credit cards 9.897 7.586
Constant -20.299 -24.016
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1) If Income level<=Low Then Credit rating=Bad

2) If Income level=Medium And Number of credit cards
<=5 Then Credit rating=Good

3) If Income level=Medium And Number of credit
cards> =5 And Age<=28.08 Then Credit rating=Bad

4) If Income level=Medium And Number of credit
cards>=5 And Age>28.08 Then Credit rating=Good

5) If Income level=High And Number of credit cards>
=5 Then Credit rating=Good

6 ) If Income level=High And Number of credit cards
<5 Then Credit rating=Good
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Fig. 3
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The result of decision tree
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Tab.5 Accuracy condion table for prediction result of

decision tree

Predicted
Observed
Bad Good Percent Correct
Bad 665 355 65.2%
Good 149 1295 89.7%
Overall Percentage  33.0% 67.0% 79.5%
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