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An Entity Relationship Extraction Method Based on Location-Aided Marking
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Intelligent Information Perception and Processing Technology of Hunan Province, Zhuzhou Hunan 412007, China )

Abstract: In view of a solution of relation triplet overlapping in the extraction process, a joint extraction model
of entity relation based on location-aided marking has thus been proposed. Taking BERT as the pre-trained language
model, by means of position-aided matrix, the relation triplet extraction is transformed into the matching of entity and
relation, thus realizing the joint extraction of entity and relation, with relevant experiments to be carried out on the
Chinese data-set DulE. The experimental results show that the model exhibits an improved performance in extraction,
showing that the proposed location-aided marking method can effectively solve the problem of overlapping.
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Fig. 2 Model diagram of entity relation extraction method based on location-aided marking
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