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Short-Term Electricity Price Forecast in Seq2Seq-Attention Network Based on

Real-Time Electricity Price Features
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Abstract: Due to the small amount of input information available with load and price selected as input features
in electricity price forecasting, it is difficult to achieve a better forecasting effect. In order to accurately capture the
change frequency of short-term electricity price, it is proposed to extract the characteristics of electricity price based
on the principle of real-time electricity price, followed by an analysis of the causes of electricity price fluctuation from
the perspective of electricity price formation mechanism, with the characteristics of real-time electricity price selected
for short-term electricity price prediction. Moreover, a recommendation has been made of Seq2Seq-attention network,
which is good at capturing the law of electricity price forecast data to forecast. The validity of this proposed method has
been verified by the public data of PJM power market in the United States.
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Table 1 Input characteristic parameter
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Table 2  Prediction results of different input characteristics
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R LI MAPE/% MSE MAPE/% MSE
2018-12-24 6:00 AM—2018-12-25 5:00 AM 3.92 1.37 8.58 5.22
2018-12-25 6:00 AM—2018-12-26 5:00 AM 4.35 2.45 10.25 9.81
2018-12-26 6:00 AM—2018-12-27 5:00 AM 9.53 22.15 15.44 24.57
2018-12-27 6:00 AM—2018-12-28 5:00 AM 4.21 1.45 11.73 7.87
2018-12-28 6:00 AM—2018-12-29 5:00 AM 5.41 2.77 9.38 5.82
2018-12-29 6:00 AM—2018-12-30 5:00 AM 4.87 3.65 9.49 7.71
2018-12-30 6:00 AM—2018-12-31 5:00 AM 4.93 3.20 11.30 8.30
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