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Hadoop-Based Industrial Data Processing and Storage System for Blowers
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( College of Computer Science, Hunan University of Technology, Zhuzhou Hunan 412007, China )

Abstract: In view of the flaw found in the existing industrial controlling network which fails to effectively
receive and deal with mass sensor data from the industrial field, an industrial data processing and storage system for
blowers, based on the Hadoop framework, has thus been designed and implemented. This system uses the message
queue telemetry transport (MQTT) as the data access agreement, with EMQ message queue server as the subscription
and publishing interface, with Flink as flow computing platform, and with Kafka as message queue buffer shunt and
OpenTSDB database as data storage. Experimental results show that the new system helps to eliminate the large amount
of data and information islands generated in the process of industrial manufacturing, thus realizing the dynamic state
monitoring and real-time warning of production equipment.
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1 Connect to Kafka broker and subscribe the data
topic and the alarm data topic

2 Create a list for record called record list

3 Create a lock for synchronization of two threads
called syc_lock

subscribe thread:

4  while have new record do

5 Get Kafka record
6  if the syc lock is unlocked
7 Put the record to the list
8 else
9 Wait and sleep for unlocked

10 endif

11 end while

writing thread:

12 Create another list called write list for writing

13 while length of the list achieve 50k or the time
since last write achieve 0.5s do

14  Lock the syc_lock

15 Copy the record_list to write list

16 Initialize the record_list

17  Unlock the syc lock

18 for cach record in write list

19  Build the format of record for writing

20 Splice http messages

21 end for

22 Send writing http messages to OpenTSDB
server

23 end while
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