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On the Path Planning of Mobile Robots Based on Improved Firefly Algorithm

DING Jianwen', QU Suichun’

(1. School of Electrical and Information Engineering, Hunan University of Technology, Zhuzhou Hunan 412007, China;
2. School of Electrical Engineering, Nantong University, Nantong Jiangsu 226019, China )

Abstract: In view of the flaw exhibited by the firefly algorithm in cases where it is liable to fall into the local
optimum, some improvement has thus been made about it by changing the search strategy of the firefly algorithm,
which helps to improve its optimization ability. As for the path planning of mobile robots, an optimal path planning has
been achieved by adopting an improved firefly algorithm. The theoretical and experimental results have verified the
effectiveness of the improved algorithm, which can meet the requirements of mobile robot path planning.
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Fig. 1 A flow chart of the firefly algorithm
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Fig. 2 A flow chart of the improved firefly algorithm
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Fig. 4 The experimental results of firefly algorithm test

nonlinear function diagram
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Fig. 6 Two-dimensional path obstacle of mobile robots
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