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Research on Construction of Microblog Sentiment Lexicon Based
on the Smooth SO-PMI Algorithm

Du Rui, Zhu Yanhui, Tian Hailong, LiuJing, Ma Jin
( School of Computer and Communication, Hunan University of Technology, Zhuzhou Hunan 412007, China )

Abstract. Analyzed the applicability of the existing sentiment lexicon in the microblog sentiment classification. In
view of low coverage of the existing sentiment lexicon, built a basic microblog sentiment lexicon by integrating the existing
sentiment lexicon, and put forward a Laplacian-based smooth SO-PMI algorithm to judge emotional orientation of the
words which not included in the basic sentiment lexicon, finally applied the microblog sentiment lexicon and the Laplacian
smooth SO-PMI algorithm to construct the microblog sentiment lexicon, and tested the constructed lexicon classification
capabilities. Experimental results showed that the constructed microblog sentiment lexicon achieved good effect inmicroblog
sentiment classification.
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Table 1 The basic sentiment lexicon of microblog
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Table 2 Result of the microblog tendency analysis
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