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The Application of Association Rule Mining in College
Students’ Mental Health Assessment System
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Abstract: In order to deeply understand the main factors affecting the psychological health of college students and
the correlation between psychological symptoms, the association rule mining is applied to college students’ psychological
health survey data. After preprocess the initial data of college students’ psychological assessment information, a multi-
dimensional association rule mining model is built based on Clementine 12.0 platform. Taking the psychological test data of
the 2011 grade students in a university of Fujian Province as the foundation, the constructed model is used to analyze the
correlation between the six attributes( gender, only-child or not, native place, student cadre or not, family structure and
family’ s monthly income Jand nine-dimensional psychological symptoms. The mining results help to get a deeper under-
standing of students’ mental health problems and provide a basis for colleges to make plans and decisions in college
students’ psychological education.
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Table 1 Some of the data table after preprocess
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Fig. 1 Multi-dimensional association mining data flow
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Table 2 Some association rules between
nine dimensional psychological symptoms

S B AR g

BE jov  BE /%
HHEE, AR —-fFimiE 21.852 98.623 1.616
HIAL, HEE>F®mE 22.824 98.479 1.614
HEE, B R— A M

22.986 82.377 2.815
HRAM, HABRKRBER->GME 20.162 80.712 2.759

Joimia, o P TR i Ak 35.972 98.391 1.198
FIAS, HEES>HTARXRZBIR 22824 93.002 2.192
HIAS, HEXN->HE£IE 20.394 85.358 2.703
HEE, B —H R 21.852 80.508 2.544

Josgia, oA PR R LR IEIE 35972 98.327 1.197

JoomaE, MM AP ERBUR 35972 94.466 1.641

F*3 BHESEESERER S B

Table 3 Some association rules between

the attributes and the obsessive-compulsive
PSS LEEEE o, BIEE e BT
MAEFLZ, RN 7.616 45.289 1.162
N, M —oF 5.463 67.797 1.111
AT, MEFL—-T 5.208 42.667 1.095
K, R A—J 8.634 42.359 1.087
ZAETE, KK A—T 10.741 42.241 1.084
ZETH, % 9.537 42.233 1.083
ERE, mBAT 15.255 65.706 1.077
mILA, T—FH 8.194 64.972 1.065
MEFL, LK 8.462 63.462 1.040
WEREH 5.185 62.946 1.032

F4 BHES ARXRSREENOF S KB
Table 4 Some association rules between the attributes and
interpersonal relationship sensitivity

O 1 L) LEERE o, BAEE e BT
K, Rl A—J 8.634 64.879  1.127
WEREH 5.185 47321 1.115
EmEF, mA—-F 12.292 47269  1.114
EERE, mBAT 15.255 46.889  1.105
mILA—H 16.481 45927  1.082
AT, mltA—>f 13.079 45.664  1.076
ZAETE, KR A—T 10.741 61.853  1.074
KA, mBA—F 10.185 45227  1.066
JEEZRE, KPWMTT—>E  16.852 60.852  1.057

Kk, A FL—K 9.028 60.769  1.056
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