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Investigation on a Fast Convergent Adaptive Ant Colony Optimization Algorithm

Pan Weiqgiang, Li Changyun, Hu Shenglong

('School of Computer and Communication, Hunan University of Technology, Zhuzhou Hunan 412007, China )

Abstract: The ant colony optimization has deficiencies of slow convergence speed and difficult parameters selection.
By analyzing the parameters effect on the algorithm and comparing multiple parameter optimization methods, adopts the
hybrid algorithm of particle swarm optimization and ant colony optimization to optimize parameters, and proposes a fast
convergent adaptive ant colony optimization. The simulation of the traveling salesman problem shows that the algorithm is
feasible and effective.
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Fig. 1 The evolution curve of parameter optimization of
particle swarm algorithm
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Fig. 2 The evolution curve of parameter optimization of
genetic algorithm
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Fig.3 The evolution curve of the adaptive ant colony optimization
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Fig. 4 The evolution curve of the basic ant colony optimization
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