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An Attribute Reduction Algorithm Based on Genetic Quantum Particle Swarm
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Abstract : To solve the problems of the poor convergence speed and being easy to fall into the local optimum in the
particle swarm algorithm, an attribute reduction algorithm based on genetic quantum particle swarm (GQPSO) is presented.
GQPSO takes advantage of the wide search range of quantum system and utilizes the selection and variation of the genetic
algorithm to avoid algorithm premature convergence local optimum and get considerable convergence speed. The experiment
shows that GQPSO has a faster convergence rate and global search capabilities, which improves the efficiency of the attribute
reduction.
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Table 2 The results of attribute reduction
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Fig. 1 The curve of fitness value in Wine iterative updating
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