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Identification of Three Tanks Water Control System with Neural Network

Liang Yingxing, Zhou Yonghua, Huang Wei

(School of Electrical Engineering. Guangxi University> Nanning 530004, China)

Abstract By using traditional mechanism method to identification is more difficult,a method of the system identifica-

tion by using BP( Back Proragation )neural network is introduced according to three tanks water control system with traits

of time-delay and non-linear. With the parallel connection structure of identification and Levenberg-Marquard{ LM )algo-

rithms or Quasi-Newton algorithms( BFGS ) in training network, the simulation shows that the effect of identification is well

by using these two kinds of algorithms in BP neural network.
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Fig.1 Sketch map of three tanks warter system
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Fig. 2 Sketch map of identification with neural network
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Fig. 3 BP neural network
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Fig. 4 Training error map of LM algorithms
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Fig. 6 Map of LM algorithms emulation result
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