€1 % % $f PACKAGING JOURNAL
2024 F £ 16 & S 4 Hi Vol. 16 No. 4 July 2024

14

N TR REA L Bty i HI B F o 0

doi:10.3969/j.i1ssn.1674-7100.2024.04.011

MEX  XE
LiEE T RF

SRR Bl 5 LA F R
ki 200093

 E: RAXKIRFEH 5Aed5 X, AN R
ALK, BEALFRAECENRYERB A, bh, TSALFRECE R
Wx @ R RBRATT Bk, ARATERILRF AR R, A E
FEF, Lk, MRTALFREZROEMHAFORA, ARAATRTA®
TR BAAC @R A A AT R, W TATHE

G AR 8

SRR AN 7 &

Ao S LR A R, AR BRI A R IR ST BOR B AT &% S A e

B L5,

RHEREMGHEAE RS, BEIAALITR, 0%

JR A Fo B oo L AR A R R e A TR G, AR T MAA R K

FlALHg kR, A, AR

A S 6 A R AL AR LA M R T 5 A

ek, AEFHEFATLGTHELRRET AN XF . ALFRIERS

B R AR A TR, A

QR B IPREA E R

o kAR

ARIR G . F A B R APUR EWAE
KR ATEAL; Gkt B REFIEK; mEAN,; a¥EH

#

hE 425 . TB482; TPIS8

MEFRERS: A

NEHS: 1674-7100(2024)04-0081-08
SIS AL, MW . AR A G ARG B R AR 1] K
F IR, 2024, 15(4): 81-88

NTZE Cartificial intelligence, Al) & JR i,
EARARNEA I, BA 51907 Ml A5 o ) i
W1, RN BT8R T ERK
Bl U e DL R S, T RE S I 32 AR
FEPEERCR . BCEIRE . AR . AR 5585
Jim. BAAORUE, AN TR RERT LASEEL A Sh ik L
FEE R RHRDBCRIIT A o AR TS A
i, DARARPIRS S, mIMEh, TEALRedisg,
N TR R E AR MEGA T B9y, S HA SR
FRARA WA RS . N TR R B i
P B R e . MR %, 2T
s A B ERORIE B [ERE, AT AR LM R RE

T bt e A OR B SRR, B RERE IR A AR
WERRIRCE, BERIRA, JF A AT R AR LSRR
fEtishmh, NTEREn LIseitis A shik,
fetwdeiz i is, Py AAEuR P N TR R AT L
o ARG 7 e, Il AR BRI R AR A A A
ASCERGT N TR REE AR S o i, I
BHARE R EE

1 A&t

N LA R AR RE M AT LAE A A A RE o8
M ZAESs CHERE DR EUERIAIEL) ROEORFZR

Wi HEE: 2024-02-12

EEE T WA (1978-) , 55, WEEDA, BHRFTRYAIN, WL, RO oSO R a2,

E-mail: haofayi@usst.edu.cn



€1 % % $f PACKAGING JOURNAL
2024 F £ 16 & S 4 Hi Vol. 16 No. 4 July 2024

14

gt, AAENLARE T L TREESE I A ARTE F AL RS 2
HR HLER2E 2T HER T R G0 NREE Il i I 2858 v
SRR TT, DAKE S T AR (R e AR
PRAASAT S5 B BIMLAR- > T HIERt s ol LA
TA . MRS AR, RIS T A HE K
A e AR M B R SR R R, TR
R T AT LM% (artificial neural network,
ANN) BtLaR2= IS M FF2Z S, WE
S ) BRI TR E AL 2 S B FA% G2 i) 5580 o0 B
Jrike UREEZE 2] SuvT il 20 A 382 21 i 1 S s A
) HAG Z SR IO IOR, BRI E T
ARBEXT G | X G AGIN A K2 24540 2 RN I TR 4 2 55
VEZ AU i o AR 7

TR AR B A28 T 85 B NS A e n)
BIVE 5 A AR D)L 2 i A S S g
Ko N T BRMHLAACE AZESZBNAL, 151, 77
RRGE—FRY R, HAE—E Bl —fhiat
WL A SR LA CHAS . E AL ™,
N TR REIFBOA B — 0], S & RE A% v e ik
TRV R PR . SN2 > Oy T Y Ry PR
P TEN TS ST, 1S3y ZHEEnT L
SOV b, SHRARIE:, I AT RIS
PR A A F TR A 72 > SR AR BRI

2 ANIBREEERIZITHIINMA
BRI TR R S MIL, TR, bR}

(% . FRENFITI, LUK, E. 5

TR, BRI 5% H R, @R

LA B R 4 SRR AL, SERR

#t—THNARARE

2 ATSEIH R Bt 7 %

3 RS E T

SULHA = SRR i D RE, o St MR S48 4%
) —Rhr = IHARZEIS, BT B S (A
PR IR BT S BRI BB B B bR, I
PRt e P,

N TR EiE AN TR RERAR, #H)
oS AE R A s . BT LR E S FIR 2
B, B RTINS A R 2
JCR CANgies, AR CFREE ) HET T2 ) SRR RE
FEULSERS b, 38 3V i T S R B P ) Rk
TPo0MT, X it A e iRt B R o st i b e )y
2o e, BETURAT A AT 67 A A 145 Rk
SR, IR A ], DTS G b A
AL AR

ELEAI & /N5 & A BRI A X T4
REBITRYE, HATZWEAR, SC T AR 2
SCFIRE R AR A LA S (W 1)
FIA ELEAL, &30l 6% sk A g+ Fa Fh el &
F%. SEGEEITRAEA L, SR R 2 A
BT R RIRSRE, TARRCRIER T 5 7,
WD T 60% PL B E], SRR AR T AR RN
THEREHR AR BT RGBTk T 82 104
BRI

Vizit JF& TR B — NS ST 5 -
ZOF- 6 AT SR AT DL, R T X A R
N SRR N ARG TEA X TR, DR
TR S | BARZ A e N5, (= e TR
20 i . Vizit BT RE AT DA 5 B
(NE. it B %), PRI T

5. —BEHIBAE P B

~

6.4 P AR R SR I R 2R

1 ELEAI #&itid#2
Fig.1 The ELEAI design process
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Application and Research Progress in Artificial Intelligence in the

Field of Packaging

HAO Fayi, LIU Weili

( College of Communication and Art Design, University of Shanghai for Science and Technology, Shanghai 200093, China )

Abstract: Using literature research and case study, the current status of the application of artificial intelligence
in the field of packaging was studied to reveal the great potential of artificial intelligence in the field of packaging.
Firstly, the application of Al in packaging design was described, such as using Al algorithms for packaging design
optimization, personalized packaging and so on. Secondly, the application of Al in three kinds of packaging materials
was summarized, such as using Al algorithms to predict and optimize the performance of packaging materials and so on.
Finally, the application of artificial intelligence in packaging quality inspection and commodity packaging recognition
was discussed and researched, such as utilizing image recognition and deep learning technology for packaging quality
inspection and commodity packaging recognition to improve the accuracy and efficiency of packaging inspection, etc.
Through the introduction of Al, the efficiency and accuracy of packaging quality inspection and commodity packaging
identification have been improved, effectively reducing errors caused by human factors. In addition, the application of
Al in packaging materials was also reflected in performance prediction and optimization, providing strong support for
promoting the sustainable development of the packaging industry. Artificial intelligence not only plays an important role
in improving design efficiency, but also provides creative inspiration for packaging designers. The dominant trend in the
future design field will be in-depth human-machine collaboration.
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