5574 553 4 (R ¢ Vol.7No.3
201547 H Packaging Journal July 2015

do0i:10.3969/j.issn.1674-7100.2015.03.009

3T GA-BP fhee ISR ta i SO I RFAIEAL

FTiE®w', X BE', HEE’

(1 FWHTRYE BRI S Z AR5, i 200093;
2. B RREN R AR LR AR BN TAR AR, I 200093 )

W E. AT FNHERARMGERIEN, KA —F GASIE BP AV 2 M %5 PCA ML &0 7 ikt
EBATHER . Bk, @it 2R oM, NIGH ARG RERFFERITEYL, YL RGBZ5 M 4E o9 Kk
Ao, B EE T GA-BP AV Z WM& @A, AT4EE RGB 435 AR 7T VAl i BE A 43 3] AR 2 k3815 5 ;
FAT TRy EMRERFE, LTI RGBT LERFERGEM, B RINARPG I,
FIERERA, GAWKALA KK ET BPAAZMALWBIAR A, #3THEAGTNEE, PCAERY A
AN EGRE RS T AR SRR, bbdiol, ik a9 495 % 2 AR US4 AL e F K

FEE. HeERHN,; it BPATZEM%; st EE; TR,

FES3ES: TP334.8;0432.3 MEARES: A XEHS: 1674-7100(2015)03-0046-04

Spectral Characterization of Color Scanners Based on GA—-BP Neural Network
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Abstract: To achieve spectral characterization of color scanners, a spectral characterization model based on GA-BP
and PCA was proposed. Firstly, the dimension of spectral reflectance was reduced by PCA. The GA-BP neural network
model was built with input of variables of RGB signal and output of variables of low dimensional spectrum signal. Any low
dimensional spectrum signal could be got by this model with any input RGB signal, while the spectral reflectance could be
reconstructed by PCA. The spectral characteristics of color scanners were achieved. Experimental results show that the
extremum problem of BP neural network could be effectively improved by GA. PCA could improve the operating efficiency
of the model under the circumstances of maintaining accuracy. This implied it was a high-precision color scanner characte-
ristic model.
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